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Executive summary 

Aims and objectives 

Á This study aims to examine the relationship between spatial concentrations of B2 machines 
(commonly known as Fixed Odds Betting Terminals) in Licensed Betting Offices (LBOs) and 
gambling behaviour. It is an extension of previous research using survey data of loyalty card 
holders for LBOs and industry machine play data.  

Á LBOs with B2 machines cluster spatially in Great Britain and we have identified areas with 
greater spatial concentrations of LBOs with B2 machines.  

Á Having identified areas with greater concentrations of LBOs with B2 machines, we examined 
the relationship between living near differing numbers of LBOs or a concentration of LBOs 
and gambling behaviour and machine play. 

Analysis and methods 

Á Using measures of problem gambling collected through a survey of people who held an LBO 
loyalty card, we examined if problem gambling rates differed according to whether or not 
someone lived in an area with a higher number or concentration of LBOs with B2 machines. 
We also looked at whether the number of machine gambling sessions and the number of 
days a person gambled on a machine varied by the number or spatial concentrations of 
LBOs with B2 machines.  

Á We used two methods to analyse spatial patterns of LBOs. The first was a simple count of 
the number of LBOs ǿƛǘƘƛƴ пллƳ ƻŦ ŀ ƭƻȅŀƭǘȅ ŎŀǊŘ ƘƻƭŘŜǊΩǎ ƘƻƳŜΦ  Our second method 
identified areas with LBO concentrations: 3 or more LBOs within 200m or 400m of one 
another.  

Á Analysis is based on people who held a loyalty card for one of three bookmakers in 2014. 
Loyalty card holders are highly-engaged players, therefore results cannot be generalised to 
all machine gamblers, but rather reflect patterns among highly engaged loyalty card 
customers. 

Results 

Á There were no statistically significant differences in problem gambling prevalence, PGSI 
scores, the number of machine sessions or the number of days on which machines were 
played according to the number of LBOs someone had in their local area. However, a trend 
could be detected when combining rates of low risk, moderate risk and problem gambling (a 
PGSI score of 1 or more), which showed higher gambling prevalence rates in the combined 
risk groups compared to non-problem gamblers, when there are more LBOs in the local 
area. 

Á Problem gambling and moderate risk prevalence rates were higher among those who lived 
in LBO concentration areas. Machine players living in high concentration LBO areas tended 
to play slightly fewer machine sessions and play machines on a fewer number of days than 
those who did not live in high concentration areas, although the difference was small. 

Á Our results suggest that the spatial configuration of LBOs with B2 machines is important. 
Higher-density concentrations are associated with stronger patterns in gambling 
differences, than simple counts near to playersΩ homes. 
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Á This research provides the first evidence that problem gambling rates among machine 
players vary according to whether someone lives in proximity to a concentration of LBOs. 
However, these patterns and statistics can indicate correlation, but they cannot determine 
causation. Further research may look at the drivers behind these results in more detail. 
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1. Project background 

 

In 2014 a consortium of NatCen Social Research, Featurespace, Geofutures and RTI International 
conducted a programme of research for the Responsible Gambling Trust (RGT) into Category B2 
gaming machines in bookmakers. The research recognised the growing concern about B2 
gaming machines (commonly known as Fixed Odds Betting Terminals or FOBTs) in Licensed 
Betting Offices (LBOs) in Great Britain. The main objective was to examine the extent to which 
industry data could be used to distinguish between harmful and non-harmful gaming machine 
play, as well as ascertaining what measures might limit harmful play without impacting on those 
who do not exhibit harmful behaviours.1 We recommend reviewing the results of this project in 
conjunction with those reports.  

A number of useful datasets were created for these previous research projects and in 2015 a 
range of secondary analysis projects were commissioned to explore this data further. This 
project is one of the additional projects commissioned. 

 

1.1 Aims and objectives 

This study examines whether there are any correlations between gambling behaviour and B2 
machine gambling and the number and spatial concentration of LBOs with B2 machines in Great 
Britain (GB). The study uses the historic data gathered and used for the RGT machines research 
programme in 2014, and sits amongst several other research questions now being addressed by 
the wider consortium.  

It aims to answer the questions: 

a. How do patterns of gambling relate to the number of B2 machine venues near a 
playerΩǎ residence? 

b. How do patterns of gambling relate to living near a concentration of B2 machine 
venues? 

 

1.2 Report structure 

In Section 2 we provide details on the datasets used. In Section 3, we outline our approach and 
methodology. In Section 4 we present the results of this analysis and discuss the assumptions 
and known error margins in the analysis. 

 

                                                           

1 The full body of research can be found at 
http://www.responsiblegamblingtrust.org.uk/commissioning/research/research-publications/ 
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2. Datasets  

Previous research created several datasets about gambling characteristics on B2 machines. 
These data consisted of a mixture of information recorded by B2 machines themselves and 
information collected through a survey of people who held a loyalty card for one of three 
bookmakers in 2014. Details of the data we have re-used for this analysis are outlined below. 

 

2.1 The loyalty card survey 

A survey of people who held a loyalty card for either Ladbrokes, William Hill or Paddy Power was 
carried out in 2014 to measure problem gambling prevalence among this group. A random 
probability sample was drawn from all loyalty card customers for Ladbrokes, William Hill and 
Paddy Power who had used their loyalty cards when playing B2 machines between September 
and November 2013, and had contact information available for phone interviews or email 
surveys. At the end of the survey, permission was asked to link survey responses ǿƛǘƘ ŀ ǇƭŀȅŜǊǎΩ 
loyalty card and machine data. 

Overall, there were 180,542 loyalty cards of which 131,275 had some form of contact detail 
available, from which a random probability sample (n=47,268) was drawn. The sample was 
stratified, with those cards which had been used most often being oversampled to boost the 
number of gamblers who might be experiencing problems. All selected participants (n=47,268) 
were contacted by operators to inform them that they had been selected to participate and that 
NatCen Social Research would be contacting them unless they did not wish NatCen to do so. 
Overall, 902 people opted out of participating. This process also identified that 18,801 records 
had invalid contact details. The final issued sample size was 27,565. 

Survey fieldwork was carried out between May and August 2014 via email and telephone. The 
questionnaire covered: 

Á engagement in a range of gambling activities in the past four weeks;  
Á frequency of gambling participation for each activity;  
Á use of loyalty cards;  
Á problem screening questions;  
Á attitudes to machines in bookmakers;  
Á motivations for playing machines in bookmakers;  
Á demographics;  
Á machine data linkage permission. 
 

Overall, 4,727 loyalty card holders took part in the survey, with 4,001 (85%) agreeing that their 
survey responses could be linked to their loyalty card data which tracked their patterns of play 
on B2 machines in bookmakers. The represents a response rate of between 17%-19% (based on 
the random probability sample of 27,565 issued cases).  

Address information was also requested within the survey questionnaire, from which players 
could be geo-referenced to the full unit postcode (the centre of around 15 adjacent addresses). 
When analysed, a total of 3,442 records were available with valid postcodes from within Great 
Britain for spatial analysis. These were derived from the following operators: 

1,833 from Ladbrokes, 
1,335 from William Hill, 
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274 from Paddy Power. 
 
Survey data were weighted to correct both for non-response biases and to adjust for 
oversampling those who were more frequent machines players. However, there may still be 
some systematic biases in the data. For example, those who had valid contact details may be 
systematically different to those who did not, though the non-response weights accounted for 
this to a limited extent (see Wardle et al, 2014 for further details).  
 
By their nature, loyalty card holders are those heavily engaged in gambling, and findings from 
this survey should not be extrapolated to all machine players. Indeed loyalty card survey 
participants have high rates of problem gambling and at-risk gambling compared to other 
national surveys, (Wardle et al, 2014b). With this in mind we can say that the study is 
representative of loyalty card holders who tend to be highly engaged in gambling.  

 
Measuring problem gambling 

The aim of the loyalty card survey was, mainly, to measure problem gambling prevalence among 
this group. This was measured by a series of nine survey questions called the Problem Gambling 
Severity Index (PGSI). These PGSI items include: 

Á betting more than a player can afford to lose; 
Á a need to gamble with increasing amounts of money; 
Á chasing losses; 
Á borrowing money or selling items to get money to gamble; 
Á feeling they had a problem with gambling; 
Á gambling causing health problems including stress and anxiety; 
Á people criticising gambling behavior; 
Á gambling causing financial problems for the player or the household; 
Á feeling guilty about the way that they gamble or what happens when they gamble. 

 
Responses to each question ranged on a four-Ǉƻƛƴǘ ǎŎŀƭŜ ŦǊƻƳ ΨŀƭǿŀȅǎΩ ǘƻ ΨƴŜǾŜǊΩΣ ǿƘƛŎƘ 

combined to produce a PGSI score with a maximum score of 27, (Wardle et al, 2014b). The PGSI 
then groups people into the following categories: 
 
Table 1: PGSI aggregated groups. 

PGSI classification category  PGSI score  

Non-problem gambler / those who gamble without any difficulties 0  

Low risk gambler  1-2  

Moderate risk gambler  3-7  

Problem gambler  8 or more 

 
Overall, the loyalty card survey estimated that 23% of loyalty card holders were problem 
gamblers. This was an estimate of problem gambling rates among loyalty card survey 
participants which should not be extrapolated to all machine players due to the limitations 
outlined.  

Around 45% of loyalty card survey participants said that playing machines in LBOs was their 
most frequent form of gambling activity, and all had gambled on machines in the last year. 
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However the PGSI score is measured based on all gambling activities, not just B2 machine play. 
Therefore, loyalty card survey participants who were identified as problem gamblers may 
experience problems with other forms of gambling as well as their B2 play, though it is notable 
that among problem gamblers in this survey 53% stated that machines were their most frequent 
form of activity.  
 
In the sections that follow, we refer to this data as 'LCS participants', meaning data which is 
derived from the loyalty card survey (LCS) participants. 

2.2 Operator data 

In addition to the LCS participant data, a limited number of metrics were also gathered directly 
from operators relating to engagement in machine play. This was derived from the machine 
data held by operators, which was analysed and linked to loyalty cards active between 
September 2013 and June 2014. This data is useful because we had both the postcode of the 
ƭƻȅŀƭǘȅ ŎŀǊŘ ƘƻƭŘŜǊǎΩ ƘƻƳŜ ŀŘŘǊŜǎǎ ŀƴŘ ƛƴŦƻǊƳŀǘƛƻƴ ŀōƻǳǘ ǘƘŜƛǊ ƳŀŎƘƛƴŜ Ǉƭŀȅ ǿƘƛŎƘ ǿŀǎ 
recorded against their loyalty card. What we do not have for these people were their problem 
gambling scores (as they were not survey participants). 

After geocoding, this sample included; 
 

Á Number of sessions ς 179,043 records from Ladbrokes, William Hill and Paddy Power, 
linked to loyalty cards. 

Á Number of different days played on ς from the same sample, as above. 

 
In the sections that follow, we refer to this operator data ŀǎ ΨƳŀŎƘƛƴŜ Ǉƭŀȅ ŘŀǘŀΩ, meaning this is 
ǘƘŜ Řŀǘŀ ǿŜ ƘŀǾŜ ŘŜǊƛǾŜŘ ŘƛǊŜŎǘ ŦǊƻƳ ǘƘŜ ƻǇŜǊŀǘƻǊΩǎ ǊŜŎƻǊŘǎΦ 
 

2.3 B2 machine locations 

B2 machine locations were provided by Inspired Gaming and Scientific Gaming, who supply all 
B2 machines to LBOs in Great Britain. These data included opening and closing dates, from 
which we could identify LBOs open in October 2014 (the date used for the preceding research). 
There is often more than one B2 machine in any one LBO and the research measures individual 
venues with at least one B2 machine rather than the count of B2 machines, as this was not 
known. Our study omits LBOs with no B2 machines present. 
 
Since the preceding research, 82 records of LBO locations were deleted from this dataset as they 
were identified as potential duplicates. We have identified 9,272 LBOs open in October 2014 for 
this research. 

LBO locations were georeferenced to the full unit postcode (the centre of around 15 adjacent 
addresses). There is often more than one venue within a postcode, and the analysis accounts for 
this. 

2.4 Contextual datasets 

Datasets were mapped using postcode information and geo-located using the Office for 
National Statistics Postcode Directory (ONSPD) extract at November 2015. This dataset gives a 
location for every full unit postcode, which represent around 15 adjacent addresses. 
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Further analysis to identify the surrounding population has been modelled using Census 2011 
Output Areas, which are the smallest areas used to measure and map UK Census data. 

Base mapping has also been used from the Ordnance Survey open datasets for geographic 
context.  

All datasets are available as national open data. 
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3. Approach and methodology 

 

3.1 Study context 

This study focuses on the location of B2 machines, which mostly occur in LBOs in Great Britain. 
There are a small number of LBOs which do not have B2 machines, and so the approach 
represents patterns of LBOs with B2 machines rather than LBOs specifically. LBOs may have up 
to four machines, however the analysis does not account for the total number of machines as 
this was not known in the data provided to us. In this report, we call machines in bookmakers B2 
machines for parsimony but recognise that these machine offer a range of games, including B3 
and category C content as well.2 However, B2 games (such as roulette) are the most popular 
games played on these machines.   

Our study area is Great Britain since this was the geographic extent of the original research and 
thus data are available for Great Britain only. Within Great Britain we were attempting to model 
local-level patterns, and we assume this 'local' level to capture the walking distance from player 
residences to services, rather than city and regional wide trends. We also assume that in 
measuring the 'concentration of LBOs with B2 machinesΩ we are trying to capture several LBOs 
with B2 machines on adjacent streets or a similar level, rather than capturing a concentration 
that may encapsulate an entire town or city. Our choice of modeling parameters at the local 
level reflect this scale of analysis. 
 
One caveat is that the available data cannot identify the machines or LBOs at which players are 
gambling; individuals may have a large number of machines in their local area but may not 
necessarily be playing at these venues. However, previous research showed that those who 
gambled most frequently on machines tended, on average, to travel shorter distances to their 
most frequent LBO. This suggests that very frequent machine players are more likely to be 
visiting LBOs locally to their home residence (Astbury & Thurstain-Goodwin, 2015). A further 
caveat is that we are locating players by their residences, and the research cannot account for 
proximity to LBOs from players at their work or other regularly-visited places away from their 
home.  

There are several ways to investigate the relationship between gambling behaviour and the 
location of LBOs with B2 machines. In this report, we use two approaches in order to compare 
the results and understand any trends that may be occurring. These approaches are discussed in 
the sections that follow. 

 

3.2 Assessing the sample 

Our spatial analysis assumes several geographic patterns in the data. Firstly we presume that 
there is a variation in how LBOs are geographically spread across the country, with 
concentrations ƻǊ ΨŎƭǳǎǘŜǊǎΩ ƻŦ [.hǎ ƻŎŎǳǊǊƛƴƎ ƛƴ ǎƻƳŜ ŀǊŜŀǎ and not others, which may affect 
gambling behaviours. We have used spatial statistics to ascertain whether LBOs exhibit these 
patterns. 

                                                           
2 In Great Britain, gaming machines are split into different types of categories based on the stake and 

prize limits offered. B2 games have a maximum stake of £100 and prize of £500 whereas B3 games 
have a maximum stake of £2 and prize of £500. 
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CƛǊǎǘƭȅ ǿŜ ƘŀǾŜ ǳǎŜŘ ǘƘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ to 
compare the geographic patterns of LBOs and 
players compared to all residential patterns in 
Great Britain, to identify clusters of LBOs and 
players within the overall population.  

¢ƘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ ƳŜŀǎǳǊŜǎ ǘƘŜ ŘŜƎǊŜŜ ƻŦ 
clustering of LBOs by calculating the ΨƛƴǘŜƴǎƛǘȅΩ 
of points across a study area, using circles of 
progressively larger size. For a detailed 
discussion of this statistic, please see Appendix 
A. Results are discussed in section 4.1. 

CƛƎǳǊŜ мΥ ƛƭƭǳǎǘǊŀǘƛǾŜ wƛǇƭŜȅΩǎ Y ŎŀƭŎǳƭŀǘƛƻƴΦ 

 

Secondly, the LCS participants and machine play data may exhibit some bias in where people are 
under and over-represented in the country. We are therefore interested in the geographic 
spread of players across the country to assess the geographic representativeness of this study 
and whether this can be extrapolated ǘƻ ΨƴŀǘƛƻƴŀƭΩ patterns and results.   

Currently there is no statistic to test the geographic spread of data (rather than clustering) 
within a non-homogeneous population (typically residential patterns) to identify, for example, if 
data is falling within southern English towns rather than northern Scottish towns. Mapping all of 
our player data allowed us to check for obvious gaps in the national pattern, quantified by 
regional breakdowns.  

We have also briefly examined the types of neighbourhoods in which players live to provide 
some additional background context. We have examined geodemographic groups and the 
classification of urban or rural areas to briefly describe the player residences being represented. 
Results are discussed in section 4. 
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3.3 Local B2 machine counts 

This analysis aims to answer the question how do patterns of gambling play relate to the 
number of B2 machine venues  near a player residence? 

 

We have counted the number of 
B2 machine venues falling within 
400m of each LCS participantΩs 
home address, and tested for 
correlations between the number 
of LBOs and problem gambling 
prevalence, number of machine 
play sessions and number of days 
machines were played. We can 
examine how behaviour varies 
based on whether someone has 
higher or lower numbers of LBOs 
accessible within their local area 
ǳǎƛƴƎ ǘƘŜ tŜŀǊǎƻƴΩǎ ŎƻǊǊŜƭŀǘƛƻƴ 
coefficient, which measures the 
strength of the association 
between two variables, and 
statistical variance tests.  

 

Figure 2: Illustrative player proximate areas for analysis. 

 

We have used 400m as the distance by which to define proximate or nearby areas to ǇƭŀȅŜǊǎΩ 
residences, based on the results and rationale used in our previous study (Astbury & Thurstain-
Goodwin, 2015). We recognise a limitation with this approach is ǘƘŀǘ ΨǇǊƻȄƛƳƛǘȅΩ ƛǎ ŀ subjective 
variable, where the results may be different depending on which distance is chosen.  

 
In this approach we are not measuring the spatial distribution of LBO machine venues within the 
ǊŀŘƛǳǎ ƻŦ ǎƻƳŜƻƴŜΩǎ ƘƻƳŜ ŀŘŘǊŜǎǎΣ ƻƴƭȅ ǘƘŜ ǘƻǘŀƭ ƴǳƳōŜǊ ŀǾŀƛƭŀōƭŜΦ The results can be 
ŎƻƴǎƛŘŜǊŜŘ ŀ ōǊƻŀŘ ƛƴŘƛŎŀǘƛƻƴ ƻŦ ǘƘŜ ΨƭƻŎŀƭ ƭŜǾŜƭ ƻŦ ǇǊƻǾƛǎƛƻƴΩΦ  

 

3.4 Proximity to B2 machine concentrations 

This analysis aims to answer the question how do patterns of gambling play relate to living 
near a concentration of B2 machine venues? 
 

CƛǊǎǘƭȅ ǿŜ ƘŀǾŜ ŘŜŦƛƴŜŘ ŀƴŘ ƳƻŘŜƭƭŜŘ ΨŎƻƴŎŜƴǘǊŀǘƛƻƴǎΩ όalso often referred to as ΨclustersΩ) of 
LBOs with B2 machines. The analysis aims to capture groups of LBOs within walking-distance of 
one-another. We have captured groups of venues where there are 3 or more adjacent venues 
that are no more than either 200m or 400m away from another venue. We have thus created 
ǘǿƻ ǎŜǘǎ ƻŦ Ψ[.h ŎƻƴŎŜƴǘǊŀǘƛƻƴΩ ŀǊŜŀǎ ŦƻǊ ŎƻƳǇŀǊƛǎƻƴΦ Those where venues are no more than 
200m away from each other and those where venues are no more than 400m away from each 
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other. Having identified these concentrations of LBOs, we have then added a radius of 400m 
around them to identify the local area that these concentrations serve.  

 

LBOs are located by unit postcode centroids 
(the centre of around 15 adjacent addresses), 
so a small error margin exists in using 
distances between the centroids of postcodes. 
However, LBOs tend to be located in urban 
areas where unit postcode areas are smaller in 
size, and we estimate this method will 
accurately depict concentrations well.  

We have used Euclidean or straight-line 
distances between LBOs which cannot account 
for real-life obstacles and urban design.  

 

Figure 3: Illustrative LBO concentration areas. 

 

 

We have calculated the average PGSI score, problem gambling prevalence, number of machine 
sessions, and number of different days gambled on B2 machines for people living within and 
outside of these concentrations.  

We have also calculated the proportion of players falling within and outside of these 
concentrations by their PGSI score, number of machine sessions, and number of different days 
someone gambled on B2 machines. A Pearson's Chi Squared test for independence has been 
used to evaluate how likely it is that any differences between the counts arose by chance.  

Statistics can indicate correlation, but they cannot determine causation. For example, our 
statistics may show a quantitative relationship between problem gambling and living near a 
concentration of LBOs with B2 machines, but they cannot say that concentrations of LBOs with 
B2 machines are causing problem gambling. Indeed there often exist multiple related causal 
factors for further investigation. 

 

3.5 Survey weightings 

In all survey analysis, the data have been weighted to account for both non-response to the 
loyalty card survey and over-sampling those who were more engaged gamblers. See Wardle et 
al, 2014 for further details of the weighting strategy. 
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4. Results and findings   

Below we discuss the results and findings from the analysis. 

4.1 Profile of the sample 

Clustering 

For many spatial analyses we look to see if 
the data are randomly distributed across a 
study area. LBOs, by their nature, are 
clustered in populated areas across Great 
Britain. Therefore, we are not looking for 
complete dispersal across the country (in 
statistical terms referred to as complete 
spatial randomness or CSR). Instead we are 
interested in whether LBOs and players are 
clustered within these populated areas. We 
used the wƛǇƭŜȅΩǎ Y ǘŜǎǘ ǘƻ ŜȄŀƳƛƴŜ ǘƘƛǎΦ 

 

Figure 4: Illustrative resident population and LBO 
spatial distribution. 

 

  

Ripley's K tests show the differences in geographic clustering within individual groups of 
locationsΦ ¢ƘŜ ΨƻōǎŜǊǾŜŘ YΩ ǎƘƻǿǎ ǘƘe points we are testing (e.g., LBO locations). Each dataset is 
ǘŜǎǘŜŘ ŀƎŀƛƴǎǘ ŀ ǊŀƴŘƻƳƭȅ ƎŜƴŜǊŀǘŜŘ ǎŜǘ ƻŦ Ǉƻƛƴǘǎ όǘƘŜ ΨŜȄǇŜŎǘŜŘ YΩύ ǊŜǇǊŜǎŜƴǘƛƴƎ ŀ ǊŀƴŘƻƳ 
distribution of points across the study area. These tests are repeated at multiple scales, or 
distances from each point, to see whether clustering is occurring in very local areas, or in this 
analysis up to 5 kilometres away.  

If the observed K value is larger than the expected K value, our points are more clustered than a 
random distribution ŀǘ ǘƘŀǘ ŘƛǎǘŀƴŎŜκǎŎŀƭŜΦ LŦ ǘƘŜ ƻōǎŜǊǾŜŘ Y ǾŀƭǳŜ ƛǎ ƭŀǊƎŜǊ ǘƘŀƴ ǘƘŜ ΨƘƛƎƘ 
ŎƻƴŦƛŘŜƴŎŜ ŜƴǾŜƭƻǇŜΩ ǾŀƭǳŜΣ ǎǇŀǘƛŀƭ ŎƭǳǎǘŜǊƛƴƎ ƛǎ statistically significant. 

If the observed K value is smaller than the expected K, our points are more dispersed than a 
random distrƛōǳǘƛƻƴ ŀǘ ǘƘŀǘ ŘƛǎǘŀƴŎŜκǎŎŀƭŜΦ LŦ ǘƘŜ ƻōǎŜǊǾŜŘ Y ǾŀƭǳŜ ƛǎ ǎƳŀƭƭŜǊ ǘƘŀƴ ǘƘŜ Ψƭƻǿ 
ŎƻƴŦƛŘŜƴŎŜ ŜƴǾŜƭƻǇŜΩ ǾŀƭǳŜΣ ǎǇŀǘƛŀƭ ŘƛǎǇŜǊǎƛƻƴ ƛǎ statistically significant. 

Figures 5 and 7 show that both the LBO locations and survey participantǎΩ residences are 
clustered at all spatial scales across the country and that this spatial clustering is statistically 
significant as it is much greater than the high confidence envelope for each. 

We have compared the level of clustering for LBO locations and loyalty card survey participantǎΩ 
residences against the general distribution of residents by comparing to a random sample of 
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Output Area population-weighted centroids3 across the country. If L is greater than 0, the data is 
indicative of being clustered; if L = 0 the data is indicative of spatially random, and if L is less 
than 0, the data is indicative of a dispersed distribution. 

Comparing Figure 5 (LBO locations) with Figure 6 (general population distribution) we can see 
the value of L is higher at all distances/scales for LBO locations than the general population 
distribution locations. LBOs are showing a more clustered distribution than residents.   

Comparing Figure 7 (loyalty card survey respondentǎΩ locations) with Figure 8 (general 
population distribution) we can see the value of L is higher at all distances/scales for survey 
participants than general population distribution locations. Survey respondent residences are 
showing a more clustered distribution than residents.  

 

                                                           
3  Output Areas are the smallest geographic area used to collect British Census data, representing, on 

average around 300 people in England and Wales and 114 people in Scotland, in 2011. Population 
weighted centroids are the weighted centre of an area towards where most people live. 
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Figure 5: Multi-ǾŀǊƛŀǘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ ǊŜǎǳƭts for LBO locations in Great Britain. 

 

Figure 6: Multi-ǾŀǊƛŀǘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ ǊŜǎǳƭǘǎ ŦƻǊ ǎŀƳǇƭŜŘ ǊŜǎƛŘŜƴǘ ǇƻǇǳƭŀǘƛƻƴ ŘƛǎǘǊƛōǳǘƛƻƴ ƛƴ 
Great Britain. 
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Figure 7: Multi-ǾŀǊƛŀǘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ ǊŜǎǳƭǘǎ ŦƻǊ ǎǳǊǾŜȅ ǊŜǎǇƻƴŘŜƴǘ ǊŜǎƛŘŜƴŎŜǎ ƛƴ DǊŜŀǘ 
Britain. 

 

Figure 8: Multi-ǾŀǊƛŀǘŜ wƛǇƭŜȅΩǎ Y ǎǘŀǘƛǎǘƛŎ ǊŜǎǳƭǘǎ ŦƻǊ ǎŀƳǇƭŜŘ ǊŜǎƛŘŜƴǘ ǇƻǇǳƭŀǘƛƻƴ ŘƛǎǘǊƛōǳǘƛƻƴ ƛƴ 
Great Britain. 
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Geographic spread/representativeness 

From Figures 9 and 10 we can see that our player data samples are spread across the country in 
a similar pattern to our population distribution. Figure 11 compares the sampled data with 
general population by region.  This shows small regional biases, especially around London and 
the North East of England. For example, only around 14% of residents are in London, but among 
loyalty card survey participants, 18% lived in London and among players from our machine play 
data, 20% lived in London. Overall however the data used in this study provides a good 
geographic spread and representativeness across the country. 

 

Figure 9: distribution and density of LCS participant 
residences in Great Britain. 

 

Figure 10: distribution and density of machine play data 
in Great Britain. 
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 Figure 11: proportion of player sample against general population distribution by Great Britain 
regions. Source: LCS participant data / machine play data / Office for National Statistics / 
National Records of Scotland. 

 

 

Neighbourhood profile 

Figure 12 shows the rural or urban character of player residences (both LCS participants and 
people identified in the machine play data) using the Rural-Urban Classification of Output Areas, 
20114. Player resident postcodes are located within each corresponding Output Area. The 
results show our player samples to be resident in more urban areas than Great Britain (GB) on 
the whole. This is expanded in Figure 13, with players being over-represented in urban areas 
ŎƘŀǊŀŎǘŜǊƛǎŜŘ ŀǎ ΨŎƻƴǎǘǊŀƛƴŜŘ Ŏƛǘȅ ŘǿŜƭƭŜǊǎΩΣ ΨƘŀǊŘ-ǇǊŜǎǎŜŘ ƭƛǾƛƴƎΩ ŀƴŘ ǿƛǘƘ ƳǳƭǘƛǇƭŜ ŜǘƘƴƛŎ 
groups. 

Figure 12: player residences by the Rural-Urban Classification, 2011. 

 
                                                           
4 Office for National Statistics (ONS) (2013), The 2011 Rural - Urban Classification for Small Area 
Geographies: A User Guide and Frequently Asked Questions (v1.0). 
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Figure 13: player residences by geodemographic groups, using the Output Area Classification 
(OAC), 2011.5 

 

 

                                                           

5  Office for National Statistics (ONS) (2015), Methodology Note for the 2011 Area 
Classification for Output Areas. 
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4.2 Local B2 machine counts 
 

These results examine the relationship between LBO counts within 400m of player home 
addresses and gambling behaviour. 

Problem gambling 

Figure 14 below shows the distribution of PGSI scores by the number of nearby LBOs.  

Figure 14: Number of LCS participants by the number of nearby LBOs and PGSI score. 

 

There were no statistically significant differences in problem gambling prevalence according to 
ǘƘŜ ƴǳƳōŜǊ ƻŦ [.hǎ ǎƻƳŜƻƴŜ ƘŀŘ ǿƛǘƘƛƴ пллƳ ƻŦ ǘƘŜ ǎǳǊǾŜȅ ǇŀǊǘƛŎƛǇŀƴǘΩǎ ƘƻƳŜ ǿƘŜƴ ǳǎƛƴƎ ǘƘŜ 
full range of PGSI scores. However, when combining rates of low risk, moderate risk and 
problem gambling (a PGSI score of 1 or more), a statistically significant relationship was 
detected. 

Around 30% of those who had no LBOs in their local area were non-problem gamblers compared 
with 18% among those who had four or more LBOs in their local area, (Figure 14, Appendix 
Table A). This means that the prevalence of having a PGSI score of 1 or more (i.e., at least a low 
risk gambler) was higher among those living in areas with 3 or 4 LBOs in their immediate 
location.  

We have also examined how the mean PGSI scores of LCS participants varied by how many LBOs 
were nearby. The results are shown in Figure 15.6 Average PGSI scores did not vary statistically 
significantly according to the number of LBOs in the immediate local area of LCS participants 
(Appendix Table B). These results may, in part, be due to small base sizes since only 142 LCS 
participants lived in areas with four or more LBOs in their local area, making detecting a 
significant difference between groups difficult.  

 

                                                           

6 These analyses were tested using an ŀŘƧǳǎǘŜŘ ²ŀƭŘΩǎ C ǘŜǎǘ ƛƴ {t{{ Ǿмф ǿƘƛŎƘ ǘŀƪŜǎ ƛƴǘƻ ŀŎŎƻǳƴǘ ǘƘŜ 
complex survey design and weighting for the survey data. 
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Figure 15: Mean PGSI scores by the number of LBOs within 400m of a LCS participant residence 
(weighted and adjusted). 

 

 

Number of sessions played 

! tŜŀǊǎƻƴΩǎ ŎƻǊǊŜƭŀǘƛƻƴ ǘŜǎǘ ǿŀǎ ǇŜǊŦƻǊƳŜŘ ǘƻ ŜȄŀƳƛƴŜ ƛŦ ǘƘŜǊŜ was any relationship between 
the number of sessions gambled on B2 machines and the number of LBOs within 400m of a 
ǇƭŀȅŜǊΩǎ ǊŜǎƛŘŜƴŎŜΦ ¢ƘŜǊŜ was no statistically significant linear relationship shown (r = -0.0048, df 
= 179,041, P <.005). We cannot say that the number of sessions either increased or decreased 
according to the number of L.hǎ ƛƴ ŀ ǇƭŀȅŜǊΩǎ ƭƻŎŀƭ ŀǊŜŀΦ 

 

Number of different days played 

! tŜŀǊǎƻƴΩǎ ŎƻǊǊŜƭŀǘƛƻƴ ǘŜǎǘ ǿŀǎ ǇŜǊŦƻǊƳŜŘ ǘƻ ŜȄŀƳƛƴŜ ƛŦ ǘƘŜǊŜ ŀǊŜ ŀƴȅ ǊŜƭŀǘƛƻƴǎƘƛǇ ōŜǘǿŜŜƴ 
the number of days played ŀƴŘ ǘƘŜ ƴǳƳōŜǊ ƻŦ [.hǎ ǿƛǘƘƛƴ пллƳ ƻŦ ŀ ǇƭŀȅŜǊΩǎ ǊŜǎƛŘŜƴŎŜΦ ¢ƘŜǊŜ 
was no statistically significant linear relationship shown (r = -0.0209, df = 179,041, P <.005). We 
cannot say that the number of days gambled either increase or decrease according to the 
ƴǳƳōŜǊ ƻŦ [.hǎ ƛƴ ŀ ǇƭŀȅŜǊΩǎ ƭƻŎŀƭ ŀǊŜŀΦ 

 



Examining the effect of proximity and concentration of B2 machines to gambling play     23 

 

4.3 Proximity to B2 machine concentrations 

These results examine the relationship between LBO concentrations close to playerǎΩ homes and 
gambling behaviour. We have calculated two measures ƻŦ Ψ.н ŎƻƴŎŜƴǘǊŀǘƛƻƴǎΩ ς those where 
venues are within 200m of each other and those where venues are within 400m of each other. 

Problem gambling 

 
Figures 16 and 17 below show the proportion of players living within LBO concentrations by 
PGSI scores. Overall, the prevalence of problem gambling was higher among those who lived 
within a 400m LBO concentration than those who did not. 28.1% of those who lived within a 
400m LBO concentration area were problem gamblers compared with 22.1% of those who did 
not. Likewise, mean PGSI scores were significantly higher among those who lived within a 400m 
concentration area (5.4) than those who did not (4.5) (see Table 2).  

Similar patterns were observed when looking at 200m LBO concentration areas. Mean PGSI 
scores were higher among those who lived within a 200m LBO concentration (5.5) than those 
who did not (4.5). Rates of moderate risk and problem gambling were higher among those living 
in 200m LBO locations (58%) than those who did not (46%). Problem gambling rates were 28% 
and 22% respectively (the same as 400m LBO concentrations). However, because fewer people 
lived in 200m concentrations, this was not statistically significant (the p value was 0.099; 
Appendix Table C). This is simply a function of sample sizes, making differences more difficult to 
detect. All other results were statistically significant (Appendix Tables D, E and F). 

Figures 18 and 19 show the distribution of PGSI scores according to whether someone lived in a 
400m LBO concentration area or not, and whether someone lived in a 200m LBO concentration 
area or not. Looking at Figure 19 (distribution of PGSI score according to whether someone lives 
in a 400m LBO concentration area or not) we can see that up to the 35th centile, PGSI scores are 
broadly similar between those who do and who do not live in high concentration areas. From 
the 40th centile onwards, PGSI scores tend to diverge between the two groups and are higher 
among those living in LBO concentration areas.  For example, 40% of those living in high LBO 
concentration areas have a PGSI score of 5 or more (the 60th centile). PGSI scores only reach this 
level at the 70th centile for those not living in these areas. At the 95th percentile for those living 
in high LBO concentration areas, PGSI scores are 20 whereas among those who do not live in 
these areas, PGSI scores at the 95th percentile are 18. 
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Figure 16: The proportion of players by PGSI score and whether they lived in a 200m LBO 
concentration. 

 

 

Figure 17: The proportion of players by PGSI score and whether they lived in a 400m LBO 
concentration. 
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Table 2: Mean PGSI scores (weighted and adjusted) by the residence of players in relation to LBO 
concentrations. 

 Lives within an LBO 
concentration 

Does not live within an LBO 
concentration 

200m LBO concentrations 5.51 4.52 

400m LBO concentrations 5.42 4.48 

 

Figure 18: Frequency distribution of PGSI scores in relation to 200m LBO concentrations. 

 

 

Figure 19: Frequency distribution of PGSI scores in relation to 400m LBO concentrations. 

 


